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Abstract

Given a non-negative recursion matrix describing higher order recurrence relations for mul-
tiple orthogonal polynomials of type II and corresponding linear forms of type I, a general
strategy for constructing a pair of stochastic matrices, dual to each other, is provided. The
Karlin—-McGregor representation formula is extended to both dual Markov chains and applied
to the discussion of the corresponding generating functions and first-passage distributions.
Recurrent or transient character of the Markov chain is discussed. The Jacobi—Pifieiro mul-
tiple orthogonal polynomials are taken as a case study of the described results. The region
of parameters where the recursion matrix is non-negative is given. Moreover, two stochastic
matrices, describing two dual Markov chains are given in terms of the recursion matrix and
the values of the multiple orthogonal polynomials of type II and corresponding linear forms
of type I at the point x = 1. The region of parameters where the Markov chains are recurrent
or transient is given, and the connection between both dual Markov chains is discussed at the
light of the Poincaré’s theorem.
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1 Introduction

In this paper we will show that multiple orthogonality, of both types I and II, are related to
Markov chains beyond birth and death chains. This paper is a revised and shortened version
of our previous prepublication [8].

The interplay of orthogonal polynomials and stochastic processes is quite old. We can
refer the role played by Hermite polynomials in the theory of stochastic processes and the
integration with respect to the Wiener process [22, 40].

The 1950s witnessed important advances in the understanding of the links between orthog-
onal polynomials and stochastic processes. Indeed, highly influential papers on the role of
spectral representation of birth and death processes probabilities appeared in those years.
Let us mention the celebrated papers by Kendal, Ledermman and Reuter [27-29] and also
the seminal works by Samuel Karlin and James McGregor. In particular, the works [23, 24]
were devoted to birth and death Markov processes touching differential and classification
aspects. In these works the authors presenting an integral representation of the transition
probability matrix reveals the intimate relation between the theory of birth and death pro-
cesses and the theory of the Stieltjes moment problem. Moreover, in [25] the authors studied
random walks, that is uncountable Markov chains, and presented one of theirs key findings:
the Karlin—-McGregor representation formula. These formula allow an interpretation of rel-
evant probabilistic objects in terms of orthogonal polynomials and their recurrence. For an
account on this see [35] as well as [12, 19].

Nowadays, a birth-death polynomial sequence is defined as a standard orthogonal poly-
nomial sequence which is orthogonal with respect to a measure on [—1, 1] and which is such
that the three term recurrence relation coefficient are nonnegative, and the corresponding
Jacobi matrix is stochastic. Random walk polynomials have become a classical subject in the
literature on orthogonal polynomials, for example, see [21, Chapter 4] for a recent account
of some of its relevant aspects.

The contents of the paper are as follows. In Sect. 2 we define type I and II multiple
orthogonal polynomials, their biorthogonality, and for the step line case we present the
homogeneous linear recurrence relations satisfied by both types of polynomials as well as the
reproducing kernel and the corresponding Christoffel-Darboux formula within the sequence
of multiple orthogonal polynomials.

The next two sections are the core of the paper. In Sect. 3 we give a general strategy for
constructing stochastic matrices once a non negative recursion matrix is known. For this aim
we assume the zeros of the orthogonal polynomials of type II and linear forms of type I
belong to a bounded set, which is satisfied as an example for AT-systems. In Theorem 2
we provide a candidate for an invariant distribution constructed in terms of the orthogonal
polynomials of type II and linear forms of type I. Then, in Theorem 3, we extend to multiple
orthogonal polynomials of type I and II the representation formula of Karlin and McGregor,
and in Theorem 4 the generating functions for transition probabilities and first passage are
given. Theorem 5 gives the integral formula characterizing recurrent and transient Markov
chains.

Finally, in Sect. 4 we use the Jacobi—Pifieiro multiple orthogonal polynomials as a case
study. We recall the explicit expressions for Jacobi—Pifieiro multiple orthogonal polynomials
of type II, and in Theorem 6 we give the explicit expressions for the two families of Jacobi—
Pifieiro multiple orthogonal polynomials of type 1. To our best knowledge this is the first time
such an expression is found. In Theorem 8 the region of parameters in which the Jacobi—
Pifieiro’s recursion matrix is nonnegative is determined. In Theorem 9 and Corollary 3 the
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stochastic matrix of type Il is given and the coefficients are explicitly determined as rational
functions in the Jacobi—Pifieiro parameters «, o2, ¥ and n. Then, in Theorem 10 the Jacobi—
Pifieiro type I stochastic matrix is given. In Proposition 3 it is proven, using Poincaré’s
theorem and the Christoffel-Darboux formula that, in the large n-limit, the dual stochastic
matrices are transposed to each other. In Proposition 4 the region of parameters classifying
recurrent and transient Markov chains is determined. Finally, some particular examples, of
types I and II, recurrent and transient, are discussed in more detail.

2 Multiple orthogonal polynomials

Let M (A) denote the finite Borel measures which have support, with infinitely many points
in the interval A C R, where they do not change sign. A weight on A is a real integrable
function defined on A which does not change its sign on A. For a finite Borel measure

i € M(A) we consider a system of weights W = (wy, ..., wp) on A, with p € N, and
a multi-index ¥ = (v1,...,vp) € Ng, and denote |V| = vy + -+ + v,,. Then, there exist
polynomials, Ay 1, ..., Ay p, not all identically equal to zero, which satisfy the following

orthogonality relations

P
/ x! ZAa,a(X)wa(X)dM(X) =0, degAj,<ve—1, je{0,....[v[=2}. (D)
a a=1
Analogously, there exists a polynomial B; not identically equal to zero, such that
/ Bg(x)wa(x)xjdu(x) =0, degB; <[V, j=0,...,v,—1, a=1,...,p.
A

(@)

These families of polynomials are, respectively called, type I and type II multiple orthogonal
polynomials, with respect to the combination (i, w, V) of the measure u, the system of
weights w and the multi-index V. We also refer to Os+1)(x) = Z{le A (nt1),a (D) wg (x)
as type I linear forms associated with (u, w, V).

When p = 1 both definitions coincide with standard orthogonal polynomials on the real
line. The existence of a system of polynomials (A3 1, ..., A; ;) and a polynomial B;; defined
from (1) and (2) respectively, is ensured by solving a system of || linear homogeneous
equations with |v| + 1 unknown coefficients.

From the theory of orthogonal polynomials it is well known that when p = 1 each
polynomial A; = B has exactly degree |v| = vy; for p > 1 that is not true in general. For
instance, if w = (wy, wi, ..., w;) the solution linear space has dimension bigger than one,

and we can find two solutions which are linearly independent. Hence, there is at least an
a €{l,..., p}such that deg A; , < v, — 1 and deg B < |V|. Given a measure 1 € M(A)
and a system of weights @ on A a multi-index V is called type I or type II normal if deg A; ,
isequaltov, —1,a =1, ..., p or deg B must be equal to |[v| — 1, respectively. These two
conditions are equivalent (cf. [38]) When for a pair (i, w) all the multi-indices are type I
normal (or equivalently, type II normal), then the pair is called perfect.

Multiple orthogonal polynomials satisfy a finite order recurrence relation but, since we
are working with multi-indices, there are several ways to decrease or increase the degree of
the multiple orthogonal polynomials. In this work we stay on the step line case, i.e.

v(j) €{0,...,0),(1,0,...,0),....(1,....1,0), (1,...., D, 2, 1,.... D, ...},
DI =J.
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for j € {0, 1, ...}. In this case we denote

B™(x) = Bjy(x) and Q" (x) = Qyupny(¥).

The following multiple biorthogonality relations

1
/ BO(x) QW (x)dpu(x) =81, [,k €Ny, A3)
0

hold.
Vector of type II multiple orthogonal polynomials and associated type I linear forms are
defined by

BO 0
1 1
B—|BV| o.—|0"

For further information on multiple orthogonal polynomials, we recommend consulting [1,
9,21, 32].

It is well known (cf. [38]) that the type II multiple orthogonal polynomials and the type I
linear forms verify recurrence relations for the step line case. Defining

Too 1. 0:eeeeenn
T=|Tyo

the recursion relations can be written as the following eigenvalue properties that the vec-
tor type II multiple orthogonal polynomials and the corresponding vector type I multiple
orthogonal polynomials verify

TB=xB, T'Q=x0.

That is, for n € Ny, the following order N + 1 homogeneous linear recurrence relations are
satisfied

Ton-NB™ + -+ T,nB™ + BOHD = xB®,
0"V + 1, Q" + - 4 Tignn QM = x Q" where 7V = 0.

Notice that in order to have multiple orthogonality, it is necessary that Ty4;; # O for
i € Np. This condition implies the irreducibility of the matrix. Consequently, there cannot
exist a permutation matrix that, upon conjugation, transforms the matrix into the direct sum
of two blocks. In other words, there are no proper invariant subspaces in such a scenario.

When dealing with the case where matrix 7 is nonnegative, this condition is tantamount
to the existence of an integer g for which 79 becomes a positive matrix.

Daems and Kuijlaars found a CD formula for near neighbours (cf. [16, 17]). Notice that
this formula involves polynomials that are not in the step-line. In our analysis we required a
CD formula adapted to the step-line. In this context Sorokin and Van Iseghem [37] derived
such a CD formula in a general context, that can be particularized to multiple orthogonal
polynomials scenario (see also [3, 13, 15]). The Christoffel-Darboux (CD) kernel is given
by
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n—1

KW@, y) =" B™ (10" ),

m=0

fulfills a reproducing property and Christoffel-Darboux formulas, i.e.

(v =0K"(x,y) = 0" V() B™ (y) - [ (x) - QN (1))
T R Tpn-1
0. ' Tn+1.an+1;;A .................. T"+1,»"*1 B("‘Izw(y)
: B (y)
I | ToeN-1-1

For example, for N = 2, the CD formula reads as follows

=K, y) = 0" Vx)B™(y)
— 0 () (Tyn—2B" P () + Tuna1 B" V(1))
— Q") Ty i1 BV ().

Taking y = x in the previous CD formulas leads to

0" V)B™(x) = 0™ () (Tyn—2B" 2 (x) + Tn—1 BV (x))
+ 0" () Ty 1 BV (). 4

3 Stochastic matrices, Markov chains for AT systems

A set of functions {¢};_,is said a Chebyshev system in [a,b] if the set is linearly
independent and any linear combination aj¢; + --- + as@s has at most s — 1 zeros
in [a, b]. We say that {u, w} is an algebraic Chebyshev system (AT system, T is from
the French transliteration Tchebycheff) if for any index v = (v, ..., v)) it holds that
{wi, ..., x" Lty .. Wp, ..., x“P’lwp} is a Chebyshev system in the support of u, [a, b]
(cf. [32, 38]). In this case the zeros of type II polynomials and the ones of the type I linear
forms are confined to (a, b), and the index (vy, ..., vp) is normal, so the system {iu, w) is
perfect.
We give two definitions of bounded banded Hessenberg semi-infinite matrices:

(1) A semi-infinite stochastic matrix Py is said to be a multiple stochastic matrix of type II
if it has the form

PO,(J PU,l 0 ...............
Pio Pun Pip
Py =l
Pno
0. Pnsia,
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(ii) A semi-infinite stochastic matrix P; is said to be a multiple stochastic matrix of type I if
it has the form

The same definition holds for the semi-stochastic case.

Now, we describe a method for deriving two stochastic matrices from a set of multiple
biorthogonal polynomials associated with an AT system.

Given the corresponding recursion matrix 7 we will get a stochastic matrix P using the
linear recurrence relation in its eigenvalue form 7 B(x) = xB(x), and consequently using
properties of the sequence of multiple orthogonal polynomials of type II { B® (x)}72,- These
ideas extend to the transposed recursion matrix 7 ', and we will use the eigenvalue property
TTQ(x) = xQ(x) for the type I linear form Q(x) = >7_ Ay (x)wq(x).

Theorem 1 (Multiple stochastic matrix) Let us assume that {B"™} and {Q™} are the type
Il monic multiple orthogonal polynomial and type I linear form sequences, with respect to

an AT system {i, w} on the interval [0, 1]. If the recursion matrix T is nonnegative and
0™ (1) > 0, then

1
oy = diag [o1r0 o1 3 Olln = B)
1
o = diag [0'],() g1 ]‘, Orp = m
is such that
P =onTo;,', P _ 3
11 ‘=011 07p 11,n,m = B(T(l) n,ms»
0" (1)

. T -1
P :=0,T or Pl,n,m:

om(M) ™
are, respectively, a multiple stochastic matrix of type I, and multiple stochastic matrix of

type 1.

Proof Notice that each of the type IT multiple orthogonal polynomials B is a monic polyno-
mial whose zeros are in the interval (0, 1), cf. [32, Corollary of Theorem 4.3], so B™M(1) >0
and we can assert that B(1) is a positive vector. By definition of o7, we have 1 = o7 B(1).
As for n € Ny we have oy, > 0, and by hypothesis o7, > 0, the matrices P;; and P; are
nonnegative and

Pl =0T o, o1 B(1) =0T B(1) = 071 B(1) =1,
Pi1=0,T"0;'0;0(1) =0;T Q(1) =0, 0(1) =1,

as desired. O

As we have seen, we have two stochastic matrices Py and Pjy, we say that they are dual
stochastic matrices. The corresponding Markov chains are said to be dual.
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Corollary 1 Both dual stochastic matrices, Py and Py are connected by
—1 1 T
UI P[O'[ = (O‘” P[[U[])
That is, the stochastic matrices coefficients fulfill

B DM (1)
B™(1)QM(1)

withm =n—k,k € {—1,0,1,..., N}, where N is the number of nonzero subdiagonals of
the recursion matrix T .

Pl,n,n—k = Pll,n—k,nv (5)

We now present a candidate for an invariant distribution.

Theorem 2 (Invariant measure) Let us assume conditions in Theorem 1. Then,

(i) The row vector k = (B(O)(l)Q(O)(l), B(])(l)Q(])(l), ...) is a nonnegative vector,
which is a left eigenvector of both dual multiple stochastic matrices Pr; and Py with
unit eigenvalue k Pr; = k and k Py = k.

(i) If
o0
lim K™ (1, 1) =Y BY10o*® 1) < oo,
n—o00
k=0
thenm = ﬁ, is an invariant distribution for both dual Markov chains. In this situation
the Markov chain is positive recurrent, and whenever the chain is aperiodic is also
ergodic.
(i) 1f
B(n+l)(1) Q(n+l)(1)
lim
n—oo B (1)Q®(1)
we have T = ﬁ, is an invariant distribution.

Proof (i) We have the eigenvalue property of the recursion matrix (Q(1))T = (Q(1))' T,
so that

) To;! =0) o}, o To;;.

Thus, as (Q(l))Tcrl_Il = Kk, we get one the assertions. For the other we recall (B(1)T =
(B(1))"TT so that

BW) ot =B o, oo

and now, we notice (B(l))-rcrl_1 = Kk, and we get the other case.

(i) If k € £y, as ||k||1 = k1, the row vector 1 = ﬁ is a probability vector, ¢ 1 = 1.
Therefore, we have found an invariant distribution.
Finally, applying d’ Alembert’s ratio test we see that (iii) holds true. O

Remark 1 Now we comment on ergodic states as discussed in [25]. The m,, introduced in [25]
correspond to B (”)(I)Q(")(l) in the standard tridiagonal scenario, observe also that the
corresponding vector (g, 7y, ...) in [25] is not a probability vector yet as it needs to be
normalized. Recall also that for a birth and death Markov chain; i.e., a tridiagonal case, we
have 1/p = Y0 7, = limy—o0 K™(1, 1), being p = C(1), the Christoffel function
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evaluated at 1. Therefore, following [36] for the standard situation described in [25] the
process is ergodic if and only if 1 is a mass point of the measure d v, in the notation used
in [25]. This is what in [25] is referred as a jump of .

‘We now bring the results of Karlin and McGregor concerning tridiagonal stochastic matri-
ces [25] to the multi-diagonal situation of multiple orthogonal polynomials.

We have seen in Theorem 1 that certain sets of multiple orthogonal polynomials give two
families of stochastic matrices P;; and P;. Here P;; models a Markov chain with allowed
jumps backward farther than near neighbors, and P; models a random walk with allowed
jumps forward farther than near neighbors.

Theorem 3 (KMcG representation formula) Let us assume the conditions requested in The-
orem 1. Then, for a Markov chain with transition matrix Pyy, the probability, after r steps
[from state n to state m is given by

Bsom (D) !
Plrm = 2 By (0) Qs 1) () 1 (). ©)
’ By (1) Jo

Moreover, for a Markov chain with transition matrix Py, the probability, after r steps from
state n to state m is given by

b Qi@ !
L Qg (D) Jo

Proof In terms of the recursion matrix 7 we have

X" B5my (%) Q5 (1) (0)d 1 (x). @)

B (1)
Fitam = T nm gy

But, 7" B(x) = x"B(x) so that Y oo o(T"),mB"™ (x) = x" B™(x) and using biorthogo-
nality (3) we get

1
(T Ym = / x"B™ (x) Q"™ (x)d pu(x),
0

and (6) follows.
In terms of the transposed recursion matrix 7" we have
0" () L0
YA I (T )m,ni
oM (1) om(1)
and we obtain (7). O

Pl = (T

For this discussion see for instance [ 18, 25]. The generating functions of the probability PI.’}
and first-passage-time probability fl’} givenby P;j(s) = > v Pi’]l.s”, Fij(s) =02, fi’;s”,
are connected by P;;(s) = F;j(s)P;j(s), fori # j, and Pj;(s) = 1+ F};(s)P;j;(s). That
allows us to express the generating functions of the first time passage distributions after n
transitions in terms of the generating functions for the transition probability after n transitions.

Theorem 4 In the conditions of Theorem 1, then for |s| < 1, the transition probability
generating function reads as

Biomy(D) [ Bign (%) Qigms 1) () ‘
Byiy(D) Jo 1—sx

n(x),

Priam(s) =
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while for the first passage generating function we have

L By (X) Q5 m-1) (x)
By (1) fo e dp(x)

Frinm(s) = T 5 N , n#Em,
B]j(n)(]) j(; BV(m)(x])g;;:lJrD(X)d,U«(-x)
1
Fon(s) =1— 1 .
B\?(rt)(x)QT)(n 1)(/‘)
Jy Bt q )

Moreover, for |s| < 1, the transition probability generating function reads as

Osminy(D) [ By (X) Q5ni1) (x) .

Pram(s) = w(x),
" Osurn) Jy 1 —sx
while for the first passage generating function we have
1 By () Q5 1) (%)
F (s) = Qﬁ(m—&-l)(l) j(‘) T—sx = dH’(x) n # m
,nm - - - s )
Qi) [ Bm @@ g ()
1
Fun(s) =1 — 1 .
By v
Jy et a ne

Proof Let us denote by Prj(s) = (PI I,nm (s))n meNo the semi-infinite matrix whose coeffi-
cients are the transition probability generating functions. Then, as |s| < 1 and || P;/|lcc = 1,

we know that for the first Neumann type expansion Py (s) = Z,fio Plklsk = (I —s Py 1)71 ,
uniformly in norm. Now, as

Prio1B(x) = o1 Toy, 011 B(x) = xo7B(x),
we conclude that
(] — SP[[)O‘[[B(X) = (1 — SX)O’][B(X),

and, consequently,

(1- SPII)_lo'IIB(X) =7 o11B(x).

— 85X

Therefore,

o0
> Prram($)or1mB™ (x) = o11.2B"™ (x).

1—
=0 SX

Now, using biorthogonality (3) we get

1

o, 1

Prrm(s) = 210 / B0 () ).
orrmJo 1—sx

For the type I we proceed analogously. For |s| < 1, the following first Neumann expansion
converges uniformly P;(s) = Y 5o, Pfsk = (I —s P;)_l. Now, analogously to the previous
discussion, we have

Pio1Q(x) =0T "o, 07 0(x) = x07 0 (x),
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so that
(I = sP)or Q(x) = (1 - sx)a,Q(x)

and, consequently,

(1—sP) o1 0(x) = a1 0(x).

1 —sx

Hence,

Z Prum($)0r,m Q(m)(x) = U1,,,Q(")(x)

1 —
=0 SX

and biorthogonality (3) leads to

_ o [N e pm
Prum(s) = A ——B"(x) 0" (x)d n(x),

Ol.m 1 —sx

as desired. ]

Lemma 1 For both Markov chains, the n-th state is recurrent or transient whenever

/ " B (1) Q1) (%) in
0

1—x

(x) (3)
diverges or converges, respectively.

Proof The limit F,\y = lim,_, - F,, (s) describes the probability that the n-th state is visited
again, that is that the state is recurrent.
According to the previous results,

1
1 Bjj) (%) Q5 n41) (x) ’
fo ()xlﬂc( Hd ()

Thus, the n-th state is visited again whenever the integral in (8) diverges to 400, so that
limg_, - F,,(s) = 1, as we wanted to show. ]

Iim Fy,,(s) =1—
s—>1-

Lemma 2 The Markov chains corresponding to the stochastic matrices Pry and Py are
irreducible; that is, they have only one class.

Proof Since the recurrence matrix 7 is irreducible, both P;; and Pj, being conjugations of T
by positive diagonal matrices, are also irreducible. Consequently, these Markov chains have
only one class. O

Theorem 5 The Markov chains corresponding to the stochastic matrices Py; and Py are
recurrent if and only if the integral
1
wi(x)
/0 d p(x)

1—x

diverges. Both dual Markov chains are transient whenever the integral converges.

Proof As there is only one class of states, one needs only to check if the state O is recurrent
or transient. Using the previous Lemma 1 the result follows. O
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4 The Jacobi-Pineiro Markov chains

In this section we analyze an example of multiple orthogonal polynomials that fulfill the
requirements of Theorem 1 in the previous section. Therefore, we will have type I and II
multiple stochastic matrices and corresponding Markov chains.

The general context is as follows. In our notation we take p = 2 and two recursion type
weights

wi(x) =x%, wy(x) =x*, dukx)=1—-x)"dx

supported in A = [0, 1]. Itis known [32] that {(1 —x)Y, (x*!, x*2} is an AT system whenever
ar, 02,y > —1 and o — ap ¢ Z. These polynomials for y = 0 where considered for the
first time by Luis Pifieiro in [33] and in [32] the general situation was studied.

4.1 Jacobi-Pineiro multiple orthogonal polynomials of type II

Here we follow Van Assche and Coussement [39] and Aptekarev et al. [2]. In [2], using the
Rodrigues formula, the polynomials of type II where computed (cf. [2, 32, 33, 39]).

Proposition 1 The monic Jacobi-Pifieiro multiple orthogonal polynomials of type Il are

B (x) = Bouwy(x), BTV (x) = Bpugrn (),

where
ni np
k.j P
B0 = Moy 35 37 B — 1/ #ha=rb0men,
nyp  np ny+ny—j—k 1 4 n X ]
sk, j 1 2 —K— . L
= Nuino Z Z Bnl',]nz Z ( ; >(_1)J+kxk+J+[7 ©)
k=0 j=0 i=0
with
ghki ._ (+j+k+Dn—jly +k+ny+ Dp—k(@r —k+ni + Dilea — j—k+na+n; +1);
KL — Dinr — ! ,
sk rmim—j—k+ Dy ntm —k+ Dk + Dy k@ + k4 Dy
ny,ny T j!k!(n2 g — ) ,
N = ! _ nilny!
o Yito Xk BEI (mitmatar+y 4 Da (i +natoz+y+ Day’

where we have used the Pochhammer symbol () = z(z+1)---(z+k —1), z € C and
k e Z.

Proof These results have been proved in the references quoted. However, the value of Ny, p,
requires a discussion. Recalling the definition of the binomial function

Z\ (z—k+ 1)
k) k!
we immediately see that

ki _ y+k+n\(y+ni+n)\(ar+n\ ar+n+ny—k
e ny—j ny —k k J
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in agreement with §3.3. in [2]. Thus, the normalization factor is

ny np ny
-1 kjoo_ apt+nr\ (v +np+n
Nﬂl,nz_ZZB”l’”Z_Z( k )( n —k

=0 j=0 =0
n
—k k
Xz(dz-l-m-.l-nz )(7/+ +’n2)
= j ny— j

_i oy +n1\ (Y +ni+n2\ (a2 +y +ni+2n
_k—O k ny —k ny

(o ty+2n+nm\ e+ y +ni+2n
B ni ny
_(i+y+nm+n+ Dy ety +ni+n+ Dy,

ni'lny!

where we have used the Chu—Vandermonde identity twice. A similar argument was used
in [39]. O
Corollary 2 The values of the multiple orthogonal polynomials at 1 is

(y + 1)n2+n1
(@1 +y+n+n+Dyla+y+n+n+ 1y,

By nyy (1) = (10

Moreover, at the origin we have

(a1 + Dy, (a2 + D,y
(1 +y+na+n+ Dy (aa+y+na+n+ 1y,

By ,ny)(0) = (—1)n2+"1

Proof 1t follows from (9). O

Using the generalized hypergeometric function 3 F> we have [38]

(D" (@ + Du(B+ D
(tm+aty+ Dy tm+p+y+ D
X3F2|:—n—m—y, a+n+1, ﬂ+n+1_x:|.

1- X)VB(n,m)(x) =

a+1, B+1 :

4.2 Jacobi-Pineiro multiple orthogonal polynomials of type |

Theorem 6 The Jacobi—Pifieiro multiple orthogonal polynomials of type I are

Anyny.i (x) = (=1t
» (@1 +y +ny+n)y (02 +y+n+n)n le+y+n +n)
(n; — D@ — a;)y, C(y +n1+n)l(ey + 1)

A A n,-—l
—ni+lLoi+y+n+ny, 0 —0; —ni+1, I I
= Z C(nl,nz),ix

1=0

x 3 F
’ 2[ ai + 1,0 —a; +1

(In

where we have defined &; = §; pot1 + 8; 102, N; = 8; any + i, 1n2 and
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Cénl,nz),i = (_1)n1+n2—1
o (a1 +y +ny+n)y (2 +y +ny+n2y, I'la+y+n +n2)
(ni — D@ — ai)y, Ly +n1+n)(e + 1)
o (—=ni + 1)y (@ +y +ny+np) (o — & — i + 1)
I (o + Do —a; + 1),

In order to prove the orthogonality relations we need the following theorem due to Karp
and Prilepkina [26, Theorem 2.2]

Theorem7 Letber € Ny, a, b, f1,...,f, €C,pe N, my,...,m, € Ng. [fRe(p —a —
mp —---—my;) > 0 then

a,b, fi+my,..., fr +m,
r42Fry1 i1
b+P,f1,~.~,fr
_ Fd—a)'b+p) (fi =B, - (fr = b)m,
(p=DIG—-—a+1) (SDmy = )m,
—pt b —fitb+ 1, —fo b1
Xr+2Fr+l 31
b—a+1,—-fi+b+1—my,....—fr+b+1—m,

and the following lemma

Lemma 3 Given a polynomial q(x) with degq < n then

Y -1 ('l’>q<x +1)=0.
1=0

Proof Is a well known fact in the theory of finite differences that any polynomial p(x) with
deg p < n — 2 is such that

n—1
("= 1 .
> (=1 ( . )p(;) =0.
j=0 /
This can be shown by taken consecutive derivatives of the relation
gy
x4+ D= < ) )x’,
2
]_
up to the (n — 2)-th derivative, evaluating at x = 1 and taking linear combinations to get
n—1 n—1
Z(—l)/( . )j" =0, kef0.1,....n—2).
j=0 /
Obviously p(x) = g(a + x) is a polynomial with degg <n — 2. O

Now, we can prove the orthogonality relations

Proposition 2 The polynomials described at (11) satisfy the orthogonality relations

l .
/o <A(n1,n2),1(x)w1(x) + A(nl,nz),Z(x)lUQ(x)>x]d nwx)=0ifjef0,...,n1 +ny—2}
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15  Page 140f29 A.Branquinho et al.

1
/ (A(nl,ng),l(x)wl(x) + A(nl,n2),2(x)w2(x)>xnl+n2_ld ux) =1
0
respect to the weight functions w;(x) = x%, i = 1, 2 and measure d u(x) = (1 — x)¥d x.

Proof Let’s start finding a convenient expression for

I oy E/o Anyn),i D w; (x)x7d p(x)
Replacing the polynomials and the weight functions, we have

11,'—1

1
J _ l i+l
Lo = D C(nl,ng),i/o XU = x)dx
=0

i—1 .
:"ZC, Ti+l+j+Dl(y+1)
S T T4y 1+ +2)

l

Replacing the coefficients C(n1 )i

and simplifying, we find

miim—1 @ Y Fn1+n2) (@ +y +n1+n)y,
(v + Dnyny—1
» (i +D)jloi +y +j+Dnjano—2—j
(ni — D@ — ai)y,
—ni+1,cx,~—&i—ﬁi+1,a,~+l+j,a,~+y+n1—i—nz'1}
o —ai+ Lo+, +y+j+2 T

J _
I("l M2),0 T (=D

X4F3[

Now if j < nj + ny — 1 we can apply Theorem 7 over the previous 4 F3 function to get

P |:_ni+1705i_&i_ﬁi‘f—l,ai‘f'l-f—j,ai‘f—y‘l-nl+l’l2'1i|
a0 @i —Gi+ 1o+l ai+y+j+2 ’

(=D Do —a; + 1) @ +n)j@+y+ai+j+ Dntn—2—j
(i =Ty —a; —nj +14+n) (i +Dj(i+v+j+2Dn4n—2—)
|: =i+ 1o =@ —ni + 1, =& —i; + 1, =6 —y —i; — j }
X 4F3 A A oA A N ;1.
o —ai —nj+1+n, - —ni+1—j,—i—y—ni—n —ny+2

Finally we can apply the following formula

—n,al,...,a,,
F, 01
ptl "[ by.....b, ]
_(_l)n(al)n"'(ap)n _ns_bl—n+1,-..,—bq—n+1.1
B Gn b " —a L —ay—n 1

to get that
4F3|:_ni+1,01i—&i_ﬁi+1,ai+1+jvai+)/+nl+”l2; 1]
o —ai+ Lo+l +y+j+2
_(n = 1! Do —a; + 1) @ +n) @ +y+ai+j+ Dnjiny—2-j
A= DIT( —& —Ai+1+n)  (+Dji+y+j+Dntm-—j
(@i — & — A+ Dy, (=& — i + 1)z,
(@i =& —nj +14+n)p 1 (=6 —ni +1— j)a 1

x (—1)hi !
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(=@; —y — i — a;—1

X —— -
(—a; —y —nj —ny —na+2)5_1
[—r‘u+1,&i—ai—n,-+1,&,~+j+1,6ei+y+n1+nz ]
X 4 F3 N N . . ;1.
a—a;i+ Lo+, +y+j+2

So, taking i = 1, we can replace the previous expression in (4.2) and simplifying we get for
j=0,....,n14+ny—-2
y

] =
(n1,n2),1

j
Ly )20

If j = n1 + ny — 1 we can rewrite the discrete integral as

[l qymena (a1 +y +n1+n)n (2 +y +n1+n2)n,
(m1.m2).i (y + 1)n1+n2—1

i ni — 1
_lﬁi-‘rl [
X(n,-—l)!,;( ) ( ! >

(O(,' +1 +l)nl+n271

X = . (12)

(i +y+ni+ny+ Do —a& — i +1+ 1),

Let’s remind now that if f(z) is a polynomial of degree m then we can decompose
b
G ()
(z=b)(z—a (z=0)(b—a)
" n—1 a—
+ Z(_l)p< ) S p)
(n— D4 p Jla—p=b—a+p)
with ¢(z) a polynomial of degreem —n — 1if m >n+ landg(z) =0ifm <n+ 1.
We can apply this to the fraction within the sum of (12) to get that
(0[,’ + 1+ l)n|+n2—1
(0j +y +n1+ny+ Do — & — i +14 Dy,
—y —ny — 1 _ 1
— g+ D+ (=y —m nz-l: )nLJrnz 1
(=y —m —na—@a; — i + Dy, (s +1+y +ni +n2)
.
I A — 1 1
S () r—
(ni—l)!pX:(:)( ) p (i +1—a;—n+1+4+p)
(@i +n; — p)n|+nz—1 (13)

X — ~
(@ +y+n+n+n —1-p)
where ¢ is a polynomial with degg = n; — 2. Replacing (13) in (12) for i = 1 we find that

prmel _pymne-d (a1 +y +np+n2)p (@2 +y +ny+ny,

(n.m2).1 7 ¥ + Danytna—1
o ni— 1
X Z(_l)n2+l( )
Y
(np — 1! = [
% <q(0[| +l) + (—V —np—ny+ 1)n1+n271 1
(=y —n1—ny—axy—na+ Dy, (ay +1+y +ny +n2)
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1= ~1 1
o D (DY <n2 )
(nz — D! = p Jla+l—ar—ny+1+p)

» (02 + 12 = Plny4ny—1 )
(2+y+n+n+n—1-p)
= (=1)yntn-l (a1 +y+ni+n)p (@2 +y +ni +n2y, (=M
¥ + Dnytny—1 (np — !

0by lemma 3

ni—1
—1
x Z(—l)f(’“l )q(oq +1)
1=0

1 1

(—1)"'+n2_1(—V —np—ny+ 1)nl+n2—l (_l)nz ((XQ +y+n + n2)nz

+

¥ + Dny4na—1 (my—ni—ny—oax—ny+ 1)y,
m-l np—1 1
X (@ +y+n +n —_— -1 1< >
oty m (nl—l)!g( AR e vy
1
(al+V+nl+nz)”l
_ (_1)n1+n271 (0[1 + y +n1 +n2)n1(a2 + )/ +n1 +n2)n2

(V + l)n1+n2—l

ny—1
» 1 ZZ(—I)”Z‘I"’(M - 1) (a0 +n2—1—=p+Dptny—1
(2 = D! 2= p Jlt+y+ni+nm+n—1-p)

o ny—1 1
X — —1)
(”l—l)!;( )< l )(a1+l—az—nz+1+p)

1 _ (="l
(ay—ap—np+1+pIny — (eg—ay—ny+1+ny—1=pn

Finally, doing the index change p — ny — 1 — p we find that

yia—1 (a1 +y +ny+n)p (02 +y +n1 +n2n,
(y + 1)n1+n271

1 n2-1 ny —1
- —1 ni+p
X(nz—l)!pX:(:)( ) ( P )

(2 +p+ ])n1+n2—l 1 —1_ ni+na—1
(@2 +y +ni+ny+p) (@2 —ar—ni+ 1+ p, (2.2

ni+ny—1 _
I(n],nz),l =1-(-1

which ends the proof.

Remark 2 To the best of our knowledge, the initial instance of the explicit presentation of
the Jacobi—Pifieiro multiple orthogonal polynomials of type I can be traced back to the
prepublication [8]. Subsequently, in [4], we provided an alternative simplified derivation for
the Hahn multiple orthogonal polynomials of type I. Through utilization of the multiple Askey
scheme, we derived the corresponding expressions for its subsequent forms, encompassing
the noteworthy Jacobi—Pifieiro case.
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The proof presented here is an adaptation of the aforementioned proof, tailored to the
context of the Jacobi—Pifieiro multiple orthogonal polynomials of type I. For the original
proof, we direct the reader to [8].

4.3 The recursion matrix

The coefficients of the recursion matrix

bglo’az"/ 1 0 0 0:cvvvnnns
Cflho.ﬂfz,? bflhoﬂz,? 1 0 0 .
_ 1,09,y 1,2,y 1,29,y - '
T=|dy ‘11 b1i 1 0. -
0 dGLUZ,‘}’ L,lllvllz,‘}’ bgll,(mv)’ 1 o

21 21

(14)

were determined in [39]. Inspired by [2] we obtain, forn =0, 1, ...,

boqfl,otzfl,yfl _ Bn,n aj—lLay—1,y—1 _ Bn+l,n
n,n = é ’ n+1,n = é s
n,n n+1,n
aj—la—1,y—1 _ Cn+1,n+1 a—la—1l,y—1 _ Cn+1,n
Cn+1,n+1 - A ’ Cn+1,n - A ’
Chtlnt Chtin
g0 lea=ly=1 _ Dpt1,n+1 g hea—ly=1 _ Dpy2 1
n+1,n+1 ] ’ n+2,n+1 - K ’
Dn+l,n+1 Dn+2,n+1
with
B _ (1 +n)(ea+y+2n—Dr+y+2n—1)
n (01 +y+3n)o2+y+3n—1)
n(y +2n -1 +y +2n—-1)
(@27 +3n— @ +y+3n—1)
n(y +2n— (2 +y +2n—-2)
(@1 +y+3n—2(ar+y+3n—2)’
én,n =] +)/+3n_1a
Buiin = (@3 + (v +3n — Dz + 2n(y +2n)af

+ Qy +5n)(@3 + (v + 3n — Daa + 2n(y + 2n)ay
+ (v +2n)(181° + (142 + 15y 4+ 5)n> + Qs + y +2)(2az + 3y — Dn
+ (2 + Dy + Dl +y —1)),
Buyin=(a14+y+3n)a +y+3n+ Dy +y+3n— D@ +y+3n+1),
Corttnst = n(y +2n+ D@+ + 20 (@ +y +2m) (@2 +m)ez + 7 +21)
n (01 —ox+n+D(y+2n)(ax+y+3n+1)
ai+y +3n
n (a2 +n)(or +y +2n + (o +y+3n+l)>’
a+y+3n+2
Cosinet = (@1 +y +3n+ D> a1 +y +3n+ 2@ +y +3n)(ez +y +3n + 1%,

Covin=@+2n)(-14+a+y+2n)(-1+a+y+ 2n)<ot?n(—l + oy +n)
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+adn(=1+ay +n)(—=1 43y + 8n)

+a1(a§(1 1)+ 130+ 1) + a3 +n) (=3 + 3y + 8n)

+3y2 (=1 4+ n+4n>) + y (2 + n(—13 — 9n + 42n?))

+ (2 +y2(B+6n) + (=6 + 9 + 33n%) + n(—15 + n + 44n?))

(64 n(=13+ (=26 +45n)))
(@31 +m) + a1+ (=3 + 3y +8n)
+(=14y 430 +3n0)(=2+y +3yn + 6n?)

+ar(2+ V343920 +4n) + y (=T + 9 +42n%) + n(=17+n2 + 45n)))>),

Cotin=(=1+ar+y+3n)@ +y+30)>(+ar+y +3n)(-2+a+y +3n)
x (=1 +ay+y +3n) (2 +y + 3n),
Dyiint1 =@+ Doy +n)(ag —ax +n+ D(y +2n)(y +2n+ Dy +y +2n— 1)
X (a1 +y+2n)(e2+y+2n—1D+y+2n)
Dysin1 =@ +y +3n— D +y +3m) i +y +3n+ D> ar +y +3n+2)
X (a2 +y+3n—Dw+y+3n)(e+y+3n+1),
Dpyonsr =nlez +n)(—ar +a2+n+D(y +2n+ D(y +2n+ 2)(a; +y + 2n)
X(+y+2n+D(+y+2n)(ea+y+2n+1),
Dpions1 =1 +y+3n+ D +y +3n+2)(a +y +3n+3)
x (@2 +y +3n)(a+y +3n+1)?
x(+y+3n+2%ar+y+3n+3).
Lemma4 Let us consider the coefficients of the recursion matrix T given in (14) for the
Jacobi-Pifieiro multiple orthogonal polynomials given in (9). Then:
(i) The coefficient bz},l_l’az_l’y_] is positive forn € No and a1, a2,y > 0
(i1) The coeﬁicientczfn_l'az_l’y_l is positive forn € N, oy, a2,y > 0anda;—ar+1 > 0.
(iii) The coefficient czrl,lr’larl’yf
(iv) The coeﬁ‘icientd,?qln_l’az_l’y_l is positiveforn € N, ay,az,y > 0andoy—az+1 > 0.

1. ..
is positive for n € No and a1, 2,y > 0.

. —lLay—1,y—1. ..
(v) The coe]ﬁczentdsil ,;az 4 is positiveforn € N, a1, a2,y > 0and —o1+or+1 >
0.

Proof (i) Forn € Nweimmediately see that the denominator Bn,n is positive. The numerator
By, for n € N is the sum of three positive rational expressions in o, a2, ¥y > 0. For
aj—lLax—1,y—1 o)
,0 T +y
(ii)) For n € N the denominator B, is positive. The numerator B, , requires more

analysis. We need to check the positivity of

n = 0 we have b

T = 18n° + (1402 + 15y 4+ 5)n* + Qaz + ¥ +2)Raa + 3y — n
+ (2 + Dy + D +y — 1),

that ensures the positivity of B, ,41. To understand that this positivity is not obvious we
write 7" as follows

T =181 + (14a2 + 15y + 5)n® + Qaz + ¥ + 2)Qas + 3y)n
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++ D+ Dle+y)—Qu+y+2n—(e2+ Dy +1).
But further manipulation do show that is a positive term. Indeed,
T =180 + (1200 + 14y + 3)n* 4+ Qaz + y +2)2aa + 3y)n
+2+ DY +De+y)+Qu+y+2nm—1) — (2 + Dy +1)
=187 + (120 + 14y + 3)n* + (@2 + ¥ + DQap +3y) + 2(a2 + D(oz + y))n
F++ Dy +D@m+y)+QRur+y+2n(n—1)+ (@ +Dy(n—1) — (a2 + 1)
=187 + (1l + 14y +2)n* + (@2 + ¥ + Do + 3y) + 2(a2 + D@2 + y))n
+ (2 + D(y + D2 +y)
+Qoz+y +Dnm — 1)+ (a2 + Dy —1) + (@2 + D - 1),

and we see that T is a positive number whenever n € N and a1, a2, y > 0, and so is
b(xlfl,otzfl,yfl

1 . Now, for n = 0 we find

pen—lar—Ly—1 _ a0 + 200yar + (2 + Dy (y + 1)
1.0 (@ +y)ar+y+Dw+y+1)°

which is again positive.
(iii)) For n € N, the positivity of the denominator CN’n,,, for a1, 2, y > 0 is obvious by
inspection. For the numerator C,, ,, the positivity is ensured whenever ] —ap + 1 > 0.
(iv) For n € N, the positivity of the denominator (:’,,,,, for ay, an, ¥ > 0 is obvious. The
numerator C,1,, after inspection of its long expression, is also seen to be positive after

checking the positivity of all its summands for n = 1,2, .... Moreover, for n = 0 we
have
aj—loan—1,y—1 _ ary
1.0 = 5 T
(@i +y)* (@ +y+1

Therefore, the positivity holds in this case, as well.

(v) Forn € {2, 3, ...}, the positivity of the denominator D,, , foro, a2, ¥ > Oisimmediate.
For the numerator Dy, ,, the positivity is ensured whenever ¢y —a +1 > 0. Forn =1
we have

g lea—ly=1 _ aj(a; —ax+ Dy +1)
b (a1 + ) +y+DXar+y +2)(+y +1)

and the result is proven.
(vi) Forn € N, the denominator D,H 1.n for oy, an, y > 0Ois positive. The numerator D, 11,
is positive whenever —a; + o + 1 > 0.
Which completes the proof. O

Theorem 8 For the Jacobi—Pifieiro multiple orthogonal polynomials as in (9) the corre-
sponding recursion matrix given in (14) is a nonnegative matrix whenever oy, ap, y > —1
and |o — ap| < 1.

Proof From Lemma 4 (recall the shift of the parameters ¢y — o1 — L, oo > oo — 1,y —
y — 1) we see that when a1, a, y > —1:

(i) The coefficients b, ;"> and cﬁi‘lyzny are positive.
(ii) The coefficients ¢, ;"> and dj, ,;**"" are positive for &y — az + 1 > 0.

(iii) The coefficient d;\'*” is positive if —o; + a2 + 1 > 0.

@ Springer



15  Page200f29 A.Branquinho et al.

Hence, for x = a1 —ay, we need to fulfill the couple of inequalitiesx+1 > Oand —x+1 > 0,
thatisx € (—1, 1). ]

Next we present a picture illustrating the possible values of the couple of parameters
(o1, a2), the filled region that represents the possible values is an infinite band.

(03]
»2
R N
X
)2
v
G\’
Cﬂ /)\’
7 Qv
Ay Y
\] d”/
-1 @2
« 0
(-1,-1) °
-1

Parameter region for a
non negative Jacobi-Pifieiro’s recursion matrix

The dashed lines are excluded of the allowed region for the parameters «; and o, as those
lines correspond to resonances, i.e., the difference o1 — o = %1, 0, over those semi-lines.
It is easy to see that, cf. for example [14]:

lim b,, = lim byi1, =3k, lim ¢,, = lim ¢,q1, = 3k,

n—0o0 n—oo n—o0 n—o0

lim d,, = lim d,i1, =&, (15)
n—0o0 n—0o0

4

with x = 57

4.4 Type Il Jacobi-Piiieiro’s

Now, we explain how to turn stochastic the recursion matrix for the type II given in (14). The
zeros of the Jacobi—Pifieiro polynomials, being an AT-system, are in (0, 1). Moreover, their
density distribution of zeros fills that open interval and accumulate at the boundaries [31].

Theorem 9 Let us assume for the Jacobi—Pifieiro system that oy, o2, y > —1, a1 # op and
|y — an| < 1. Then, the semi-infinite matrix
Proo Proi O 0 Ocveenn
Pirao Pria Priz 0 0.~
Pir=|Puso Puar Pusa Puss 0.

0. Ppusi Puse Puss Pusa -
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with coefficients given in terms of the coefficients of the recursion matrix (14) and the multiple
orthogonal polynomials of type Il evaluated at x = 1, B;(1), Vv = (n + 1, n) or (n, n), for
n=0,1,...,asfollows

B(n+1,n)(l) B(11+1,n+1)(1)

Prionont1 = s Priontiont2 = ,
s By (1) B Byt (1)
Pll,2n,2n = bn,n, Pll,2n+l.2n+1 = bn+1,na
B(n+1 n)(l) B(n n)(l)
Priont2oni1 = w————————Cnt1n+1s Priont1on = ——————Cntln,
e Buiasen(D) " T B T
Pr1ont2om = B D dns1n+1,  Priontson+1 = Bet1m () 2.n+1
204220 = 5~ dn41,n+1, 2n432n+1 = 5=~ dn42,n41-
T B () " S Buonin(D) "

is a multiple stochastic matrix of type Il. Here the b, c and d coefficients are those in the
recursion matrix (14). The corresponding Markov chain is irreducible.

Proof From the explicit expression (10) we know that B (1) is a strictly positive number,
from the AT property for the system {x“!, x*2}. Hence, using Theorem 1 we can normalize
at x = 1 to get the stochastic recursion matrix using the factors o7y , = ﬁ(l)'

The irreducibility follows from the fact that all the elements in the band of the Markov
matrix are positive. o

The diagram for this Markov chain is

P11 Py P33 Py Pss

Py P31 Py P53
Type II Jacobi-Piiieiro’s Markov chain diagram

Corollary 3 The explicit expressions for the type Il multiple stochastic matrix coefficients are

(y+2n+D(ar+y+2n+ Dy +y+2n+1)
(@ +y+3n+D+y+3n+2)(ax+y+3n+1)’
yY+2n+2)(1+y+2n+2) (2 +y +2n+2)
(1 +y+3n+3)(ar+y+3n+2)(ax+y +3n+3)°
(a1 +n+ D +1+y+2n)(ax+y +2n+1)
(1 +y+3n+ D1 +y+3n+2)(x+y +3n+1)

n n(y +2n)(a1 +y +2n+1)
(a1 +y+3n+ D +y +3n)(ax+y +3n+1)
N n(y +2n)(ay + y + 2n)
(01 +y+3n)(a1+y+3n+ D +y +3n)’
(e +n)(—a; +az +n)
(2 —ar)(a2 +y +3n)
n(ey +n)(—ay +ax +n)(a; +y +3n+1)
(g —ap)(oeg —ar+ D2 +y +3n)(a2 +y +3n+1)

Pr1onon+1 =

Pr1on12n42 =

P11,2n,2n =

Priont12n41 =
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m+ D1 +n+ D —ax+n+ (e +y +3n+2)
(@ —an(@ —a+ D@ +y +3n+2) (@ +y +3n+3)
n+ Dl +n+D(—aj+ax+n+1)
(g —ay)(a2+y +3n+3)
n(ey —ax +n)(y +2n—1)

)

P _ =
H2n 2=l = a4 3n— Dl +y + 3@+ +3n+ 1)
i n(ag +n)(ox + v +2n)
(1 +y +3n)(1+y +3n+ D(aa +y + 3n)
n n(or +n)(ay +y +2n+1)
(@1 +y+3n+D@+y+3n)(e+y+3n+1)
n(ay —ar —n)(ag +n)(ay +y +3n+1)
Priont1,n =
(01 —a2+D(apa+y +3n)(o2+y +3n+ D(ax +y +3n+2)
(n+ D —az+n+ 1Dy +n+1)
(@1 —az+ D1 +y +3n+2)(1 +y +3n+3)
n(oey — oy +n)(og +n)
Prionon—2 = ,
(@1 +y+3n—D@+y+3n)(ag+y+3n+1)
n(—ay +az +n)(an + n)
Prions1n—1 =

(2 +y +3m)(ar+y+3n+ D +y+3n+2)

The corresponding transition diagram for large n is

n+2

27

Asymptotic type II Jacobi-Piiieiro’s Markov chain diagram

4.5 Type | Jacobi-Pifieiro’s

In the next theorem we show how to turn stochastic the recursion matrix for the type I given
in (14).

Theorem 10 Let us assume for the Jacobi—Pifieiro system that a1, a2,y > —1, a1 # o
and a1 — az| < 1. Then, the semi-infinite matrix
Pioo Prox Proz 0 0.
Prio Pri1 Prig Piris 0 .
Pr=| 0 Pra1 Proos Pras P1,2,4"“- _
0. 0. P1,3,2"P1,3,3A‘P1,3.4A:"m ‘

with coefficients expressed in terms of the coefficients of the recursion matrix (14) and the
linear forms of type I evaluated at x = 1, Q3 (1) withv = (n + 1,n) or (n,n), forn =
0,1,..., asfollows
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Pronont2 = Mdnﬂ ntls  Ponyiont3 = wdwz ntls
o Om+1,m (1) ' ’ Ou+1,n+1)(D) '
Pronon+1 = Manﬂ ns Pron+1on2 = wcrﬂrl n+l
- Om+1.m(1) ’ T Om+1.n+1)(1) '

Pl,2n,2n = bn,na Pl,2n+l,2n+1 = bn—&-l,m
Q(11+1,n+1)(1) Q(n+1,n)(l)
Pronyoon+1 = —————~ Prontion=——"—7+

Om+2,n+1)(1) Qutintn(D)’

is a multiple stochastic matrix of type I. The corresponding Markov chain is irreducible.

Proof According to [32] the system {x®!, ..., x"1—1He xo2 - yv—l+ery g Chebyshev
system in any closed interval of the positive semiaxis Ry = {x € R : x > 0}. Consequently,
the linear form Q3 (x) = Aj 1 (x)x¥ + A 2(x)x*? has at most || — 1 zeros in any closed
interval [a, b] C R. Thus, the maximum number of zeros in R will be |V|—1. As {x*!, x*2}
conforms an AT-system on [0, 1] it has |V| — 1 zeros in its interior, the open interval (0, 1),
see [32, 38, 39]. Therefore, Q3 (x) has no zeros for x > 1.

Now, we analyze the behavior of the linear form Q; (x) for x — +oo.Forv = (n+1, n),
n € N we have for x — 400

At (X = Cly 1 X"+ 0T ah,
A1 20X = Cly gy 3" 4 0272,

where C7' (n-+1.m).1 and C? (n-+1,m),2 are the conductor coefficients, accompanying the leading
terms, of the polynomials A1 ,),1(x) and A(,41,1),2(x), respectively. Observing that n +
—(n+ay—1)=a; —ar+ 1> 0, we see that for x — +00 we have Q 41, (x) =

C(”n_i_]’n),lx"“""l + O (x"t*1=1) According to Theorem 6 we have

on _ C(ar +y +3n+2) (ozz+7/+2n+l)n(a1+y+2n+1)n>0
e Lm L= Py 4 2n + D (g +n + 1) nl(e) — oo + 1),

and, consequently, for n € N, we find limy_ {06 Q(n+1,2)(x) = +00. For n = 0, we have

Q.0 = % that is always positive. Hence Q;41.,)(x) > 0 forx > 1.

For v = (n, n) we have for x — 400
A1 (02 = Cln n) X" Irar g (xn—2Heny,
A(ﬂ,n)l(x)x C(n ), 1x" 1402 + 0(xn—2+oz2).

Hence, the dominant behavior at 4+-00 of the linear form Q(, »)(x) depends on whether
a1 S ap. Let us assume, in the first place, that @ > 3. Then, for x — 400, we find

Q. (x) = Zln ;) 1x”+"‘1’l + o(x"T¥1~1), According to Theorem 6 we have
o1 FGn—1+a1+y) Cnt+a;+y)n@n+az+y

’

@t T T £ a)l2n + y) (n — Doy — )y,

that is positive foro; > ap. Thus, forn € {1, 2,3, ...} wehavelimy_, {00 Q(n,n)(x) = +00.
Finally, when ap > a1, for x — +00 we have

Q(n n)(x) (n . 2xn+a2—l + O(xn+ozz—l).

Recalling that A‘()‘l1 2 = A1 weuse the previous result interchanging oy and o to get for
ne{l,2,3,...}that 11mx%+oo Q(n,n)(x) = +o0, for @y > ay. Therefore, Q(, n)(x) > 0
forx > 1.
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We conclude that
1
= — " >
0D (1)
so that P; = oy TTO‘; lisa multiple stochastic matrix of type I, i.e., Pf1 = 1.

Finally, the irreducibility follows from the fact that all the elements in the band of the
Markov matrix are positive. O

oy,

’

The diagram for this Markov chain is

Py P13 Py Pss

Poyo

P11 Py P33 Py Pss

Type I Jacobi-Pifieiro’s Markov chain diagram

Here we require of the Poincaré theory for the ratio asymptotics of homogeneous linear
recurrences [34].

Proposition 3 (Large n limit for the dual Jacobi—Pifieiro Markov chains) The large n limit of
the Jacobi—Piiieiro stochastic matrices of type I and Il are the same after transposition, i.e.,

lim Pl,n,n+k = lim PII,n-&-k,n’ ke {_2» -1,0, 1}
n—00 n—00

Proof According to (5) we need to show that

(n—k) (n—k)
B (hHo M — 1, k=2,1,-1. (16)
B®™(1)Qm (1) n—oo

From (10) we directly deduce that

B (M) (y+142n)(a+y+2n+ Dlea+y+2n+1) 8
Be(1) (a1 +y+3n+ Dty +3n+Da+y +3n+2) nsoo 27
BO(1)  (y+2+2m(ea+y +2n+2) (1 +y +2n+2) 8

B@HD(1) ~ (aa+y +3n+3) a1 +y +3n+2) (1 +y+3n+3) oo 27
Now, from (4) we get
0" DMB™ (1) = QW ()T n—2B" 2 (1) + Ty o1 BV (1))
+ Q"D (D) Tp1 a1 B D (1),

so that we have for the linear forms of type I the following lower degree homogeneous linear
recurrence

=0 () +a, 0" (1) + 5, 0" V(1) =0,
with
B2 (1) B (1) 4272 4227 7

By Tl gy e P 8 TR 7

)

ap = Tn,an
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b BV (1) 4£271 8
n = Il TR (1) e 2738 729
where we have used the previous result, lim,_ B ;1(:)1()1()1) 23 and (15). The characteristic
polynomial is
SR . A +27)<r—2—7)
27 729 729 8

Therefore, from Poincaré’s theorem, having its characteristic roots { —27, —} distinct absolute

. (n+l)
value, as the linear forms of type I are positive at 1, we get lim,,_, 5 (n)(l()l) = % and (16)

is satisfied. O

Proposition 4 (Recurrent and transient Jacobi—Pifieiro) Both dual Jacobi—Pifieiro Markov
chains are recurrent whenever —1 < y < 0 and transient for y > 0.

Proof Ts a direct consequence of the irreducibility of the Jacobi—Pifieiro Markov chains and

Theorem 5 as the divergence of the integral coincides with the divergence of fal (1—x)r"ldx,
for 0 < a < 1, that happens for y < 0. O

4.6 Two type Il examples: recurrent and transient Markov chains

For a1 = —%, o =y = —%, that gives a recurrent Markov chain, we get the following
transition matrix coefficients
Pr1onon+1 = Hn + 1D+ 1) Priont1,2n42 = @nt )@ +9) n>0
o 3(144n% +72n +5)° ' ' 6(9n2+9n+2)° -
Prionon = —96n2 Flon =17 Prion+1.2n41 = —32”2 a7 n=>1
o 6(36n2+3n—5)’ ' ' 72n% 4+ 78n + 20’ -
576n3 — 552n% + 94n + 7
Prionon=1 = ¢ 33 36007 + 51n +7)"
P 19213 +104n> — 22n — 11 .
’ ’ 8(108n3 +45n% — 12n — 5)° -
4n(dn + 1 8n% —6n+1
Prionon—2 = 3120 _(7)(—11—2’1)_'_ D Priont1.2n—1 = 2402 — 1) _+1) ;o onx>1,

with Pry 0.0 = % and Pry 1.0 = % Hence, the corresponding transition matrix looks as fol-
lows

% é 0 0 0 0 0:rveve
L B 5 0 0 o0 0.
% f% i oz 0 0 O
Pu=|0 & fws o w© O O
Foroa| = —%,(xz = —%,y = %,that gives a transient Markov chain, we get the following

transition matrix coefficients
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Pr12n2n+1

PII,Zn,Zn =

Pr12n2n-1

Pr1onon—2 =

Prionyion =

22n + 1)(8n + 5)

3(36n2+27n +5)°

32n% + 16n + 1

72n2 4+30n +2°
576n3 + 120n% — 74n — 5

Prion+1,2n42 =

Pr1ont12n+1 =

4n+5)(@8n+9)

>0,

336n2 + 630426

96n% + 128n + 25

6(432n3 4+ 36012 + 87n +5)°
19213 + 32812 + 1460 + 17

>

8Gn+ )Gn+2)(12n+ 13 '
dn(4n 4+ 1)
3(144n% +72n +5)

Prion+1,2n—1 =

>
6(36n2 + 51n + 13)° =

8n? —6n+1
—_———, n=>
24(9n2 +9n + 2)

and Py 00 = % and Py 10 = % The corresponding transition matrix is

P =

= [

. b o

o o o ®|c Bl ot
o

g2 a1 e
- N)I
< O

N -
S|~

o oy

.

[=1

f=1

(=]

=
-
=
=

0 0 0

0 0 0 o0

13 ’

B oo o o

83 51

w 125 0 0.

7w 10 g

290 50 29

1451 95 3%
2368 222 888

Inspection of both transition matrices, we see that the probabilities to go to the left are bigger

in the recurrent situation, with y = — %, than in the transient case example with y = 5.

1

4.7 Two type | examples: recurrent and transient Markov chains

For o) = —%,azzy =

—%, that gives a recurrent Markov chain, we get the following

approximate transition matrix in decimal form with a precision of four significant digits (now
is not possible to find closed rational expressions and several sums involving the Euler’s
Gamma function are required)

[0.6000 0.2531 0.1469 0 0 0 0 P
0.4215 0.3167 0.2419 0.0199 0 0 0 0. )
0 0.2760 0.4657 0.2036 0.0547 0 0 0.
Py~ 0 0 0.3223 0.4176 0.2341 0.0260 0 0.
0 0 0 0.2826 0.4586 0.2110 0.0478 0. A
0 0., 0. 0 03115 04289 0.4289 0.0201 "
Foroay = — %, o) = — %, y = %, that gives a transient Markov chain, we get the following

approximate expression for the transition matrix
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0.3333 0.3198 0.3469 0 0 0 0 (): SSEEEEEEEEEEEEEERERRER
0.2138 0.3205 0.4289 0.0368 0 0 0 0.
0 01565 0.4711 0.2726 0.0998 0 0 0.
Pi~| 0 0 0.2395 04150 0.3061 0.0394 0 0.
0 0 0 02160 0,4600 0.2542 0.0697 0. ...
0 0. 0. 0. 02583 0.4279 0.2746 0.0391 .

Conclusions and outlook

Considering higher-order recurrence relationships for type II multiple orthogonal polynomi-
als, we focus on a non-negative recursion matrix, along with its counterpart: linear forms of
type 1. In this context, we reveal a clear strategy to create a pair of dual stochastic matrices.

Our exploration goes beyond the usual as we expand the Karlin—-McGregor representation
formula to include both of these connected dual Markov chains. This expanded approach
helps us to understand the details of generating functions and first-passage distributions. As
we go deeper into the complexities of the Markov chains, we get a better picture of their
nature.

To make our findings more solid, we focus on the Jacobi—Pifieiro multiple orthogonal
polynomials as a good example. This in-depth look at a practical case allows us to better
understand the ideas we’ve introduced. We can determine the exact ranges of parameters
where the recursion matrix stays positive, setting the limits of its usefulness.

It’s worth noting that the ideas we’ve talked about have been used to create finite Markov
chains in [6]. In fact, that work really explored many examples in the finite setting, finding
out lots of conclusions about randomness. It also been looked at breaking down the transition
matrices into smaller parts that are easy to understand, as it is done in [7]. This could be
important when we want to study these Markov chains in certain situations, like in [20] for
the Jacobi—Piiieiro case. Also, in [5], it is done similar developments with hypergeometric
multiple orthogonal polynomials [30].

Following ideas from [25], in [10], we also expanded our view to include Hessenberg
recurrence matrices with a positive bidiagonal factorization. We understood the structure of
these Markov chains, even when they’re not as simple as birth and death. We took this even
further in [11], looking at banded bounded matrices, and showing how they can be broken
down too. But, we still don’t know how to do a similar construction with more complex
situations involving mixed multiple orthogonal polynomials.

Lastly, by looking at real examples of mixed multiple orthogonal polynomials, using gen-
eralized hypergeometric series and theirs extensions, we can make specific types of Markov
chains that break free from the Hessenberg restriction. This is part of a bigger effort to create
these kinds of math expressions and use them in new ways. Stepping into the domain of
higher-order recurrence relations for multiple orthogonal polynomials of type II, the spot-
light falls on a non-negative recursion matrix, accompanied by its counterpart—-the linear
forms of type I. Within this framework, we lay bare a comprehensive strategy that shapes the
creation of a distinct dual pair of stochastic matrices.
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