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- OBJETIVO:  

In the competitive landscape of subscription-based businesses, reducing churn and boosting 

revenue are key priorities. This project aims to leverage predictive models not only to forecast 

customer cancellations but also to identify the essential strategies and resources needed for 

effective customer retention. By segmenting customers accurately and understanding the 

underlying reasons behind churn predictions, the project seeks to offer actionable insights. 

Through the application of advanced data science techniques, it explores the most relevant 

metrics and provides a comprehensive guide to interpreting and communicating results, 

maximizing their impact on the company’s performance. Geared towards technical 

professionals with a background in programming and data analysis, this project aspires to 

empower readers to make immediate, significant contributions to reducing churn and driving 

revenue growth. Additionally, the study delves into the broader implications of churn and its 

influence on business strategy. 
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- METHODOLOGY:  

To achieve the objectives of this study, we will utilize a quantitative approach, primarily 

focusing on data analytics techniques. This methodology is chosen because it handles large 



datasets and derives meaningful insights through statistical analysis and predictive modeling. 

The quantitative approach will allow us to identify patterns and trends in customer behavior, 

which are critical for understanding and preventing churn. 

We will be using two main analytical tools in this study: Python and Graphext. Python will 

be employed for data exploration, cleaning, and preliminary analysis. Its extensive libraries, 

such as pandas, NumPy, and scikit-learn, provide robust capabilities for handling data and 

building predictive models. Graphext, a powerful data analytics and visualization tool, will be 

used throughout the model creation, iteration, and implementation phases. Graphext's intuitive 

interface and sophisticatics features will enable us to visualize complex data relationships, 

enhance the interpretability of our models, and facilitate the iterative process of refining 

predictive models. 

The data for this study will be sourced from transactional databases, similar to those 

used by large companies like Amazon. This data will undergo a thorough cleaning 

process to ensure accuracy and reliability. The steps will include identifying and 

handling missing values, detecting and treating outliers, and normalizing the data to 

prepare it for analysis. (This paragraph will be modified when we have the specific data 

and sources). 

Once the data is prepared, we will proceed to build a predictive model to identify customers 

at risk of churn. The selection of the prediction algorithm will be based on the data 

characteristics and the specific requirements of the study. The model will be trained using a 

subset of the data, and its performance will be validated through various metrics to ensure its 

accuracy and reliability. 

After building and validating the model, we will interpret the results to identify significant 

variables contributing to churn. To enhance the interpretability of our model, we will employ 

techniques such as SHAP (SHapley Additive exPlanations) values. This will allow us to 

understand not only the likelihood of churn but also the underlying reasons behind it, enabling 

more targeted and effective intervention strategies tailored to different customer segments. 

In conclusion, this methodology combines robust data analytics tools and techniques to 

provide a comprehensive approach to churn prevention. By leveraging Python and Graphext, 

we aim to deliver actionable insights that can significantly impact the business's ability to 

retain customers and increase revenue. Additionally, by focusing on model interpretability, 

we emphasize the importance of understanding the *why* behind churn predictions, which is 

crucial for developing personalized actions to address the unique needs of each customer 

segment. 
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